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aima.gui.demo.learning. LearningDemo.java

El fichero aima.gui.demo.learning. LearningDemo.java hay un ejemplo de como

configurar una red multicapa en el método backPropogationDemo.

]

J| Java - aima-gui/src/main/java/aima/gui/demo/learning/LearningDemo.java - Eclipse - /Users/monte/Documents/workspace
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= aima-gui

(# src/main/java
£ aima.gui.applications
£ aima.gui.applications.search.csp
B&aima.gul.appl1ca!ions.searchAqamcs
FEaima.gui.appl1cauons.search.map
3 aima.gui.applications.vacuum
£ aima.gui.demo.agent
£ aima.gui.demo.learning
|J] LearningDemo.java
£ aima.gui.demo.logic
£ aima.gui.demo.probability
f## aima.gui.demo.search
£ aima.gui.framework
(@ src/main/resource
(78 src/main/javadoc
(B src/test/java
(# src/test/resource
=, JRE System Library [Java
& src
(= main
(= test
|=] build.properties
4§/ build.xml
[5] LICENSE.txt
[E] README.txt
Eaimax-osm
Criptografia4.0
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ava

package aima.gui.demo.learning;

# import java.util.Arraylist;[]

public class LearningDemo {
public static void main(String[] args) {

}

// Chapter 18
decisionTreeDemo();
decisionListDemo();
ensemblelearningDemo();
perceptronDemo();
backPropogationDemo();

// Chapter 21
passiveADPAgentDemo();
passiveTDAgentDemo();
qlearningAgentDemo();

public static void decisionTreeDemo() {

System.out.println(Util.ntimes("*",
System.out
.println("\nDecisionTree Demo - Inducing a DecisionList
System.out.println(Util.ntimes("*", 100));
try {
DataSet ds = DataSetFactory.getRestaurantDataSet();
DecisionTreeLearner learner = new DecisionTreeLearner();

100));

from the Restaurant DataSet\n ");

@ Javadoc | [&, Declaration | El Console | 47 Search |83 LogCat 2 =g
n s. Prefix with pid:, a tag: or text: to limit scope verbose S HE DN
Level Time PID Application Tag Text
\
Writable Smart Insert 48:1
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public static void backPropogationDemo() {

ooooo

NNConfig config = new NNConfig();

config.setConfig(Feed ForwardNeuralNetwork. NUMBER _OF_INPUTS, 4);
config.setConfig(FeedForwardNeuralNetwork. NUMBER _OF_OUTPUTS, 3);
config.setConfig(FeedForwardNeuralNetwork. NUMBER _OF_HIDDEN_NEURONS,6);
config.setConfig(FeedForwardNeuralNetwork. LOWER_LIMIT_WEIGHTS, -2.0);
config.setConfig(FeedForwardNeuralNetwork. UPPER_LIMIT_WEIGHTS, 2.0);

FeedForwardNeuralNetwork ffnn = new FeedForwardNeuralNetwork(config);

ffnn.setTrainingScheme(new BackPropLearning(0.1, 0.9));
tfnn.trainOn(innds, 10);

oooooo
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Configurar una red neuronal multicapa (feedforward) y ver su
comportamiento para aproximar funciones (squared cosiney

humps).

Para ello, se debera de terminar el método preprare de la clase

NeuralController (fichero NeuralApp ).

O ;Cudntas épocas son necesarias para aprender cada una de las
funciones’

O ;Qué tipo de red (10, 20 o 50 neuronas ocultas) aprende mas
rapido!
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public void prepare(String changedSelector) {
epochs = 0;
if(changedSelector != null) clear();
else {
try {
NNDataSet ds = new FunctionNNDataSet(
frame.getSelection().getValue(NeuralFrame.DATASET SEL));

Il Set the neural architecture NNConfig
/I NUMBER_OF_INPUTS,NUMBER_OF_OUTPUTS,LOWER_LIMIT_WEIGHTS,UPPER_LIMIT_WEIGHTS

switch(frame.getSelection().getValue(NeuralFrame.NEURAL_SEL)) {
case 0: // 10 hidden neurons
break;
case 1: // 20 hidden neurons
break;
case 2: // 50 hidden neurons
break;

}

cont...
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// Create the neural network and training scheme
/[ FeedForwardNeuralNetwork ffnn

env = new NeuralEnvironment(ds, ffnn);

frame.getEnvView().setEnvironment(env);
} catch (Exception e) {

e.printStackTrace();

}
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Neural Aproximator Application

S

Squared cosine + | | FeedForward (50 hidden neurons) = Clear | Prepare | Run | Step | Pa
. e Training (10 epochs)
‘b 4 5{ Total epochs: 10
\ E) Error (MSE): 343228.3

Training (100 epochs)

@ Total epochs: 100
f Error (MSE): 3505746.625

{
@ Training (1000 epochs)
/

/ Total epochs: 1000
(0] Error (MSE): 70853.85

/ Training (2000 epochs)

/Total epochs: 2000
Error (MSE): 89961.6

Training (5000 epochs)
4

\ / Total epochs: 7000
G;I' @ Error (MSE): 15.95

Training (10000 epochs)

\ / Total epochs: 10000
5 Error (MSE): 2484103.625
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eSO Neural Aproximator Application

Humps function 4] | FeedForward (50 hidden neurons) B Clear | Prepare | Run | Step | Pause

Training (100 epochs)

Total epochs: 100
Error (MSE): 627639.725

Training (1000 epochs)

Total epochs: 1100
Error (MSE): 3506.75

Training (4000 epochs)

Total epochs: 5100
Error (MSE): 117.75

Training (10000 epochs)

‘Total epochs: 15100
Error (MSE): 34.9




